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Mixture Complexity (MC)
MC, = exp(1(Z) — [(X|2))

time [Kyoya Yamanishi Entropy22]
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[Xu, Asaoka, Kiwaki, Murata, Fujino, Yamanishi KDD2021]
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[Kobayashi, Lee, Matsushima, Yamanishi BigData 2017]
[Lee, Matsushima, Yamanishi DAMI 2019]
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